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ABSTRACT: This paper proposes a unified, risk-aware AI governance framework tailored for two critical yet 

contrasting domains—rural healthcare clinics and cloud-based financial systems. As both sectors increasingly adopt 

AI-driven workflows, they face heightened exposure to cyber threats, data integrity risks, and operational 

vulnerabilities. The framework integrates principles of responsible AI, domain-specific regulatory requirements, and 

continuous assurance practices into a DevOps and MLOps pipeline. It emphasizes adaptive risk scoring, explainability 

standards, privacy preservation, and compliance-aligned monitoring to safeguard patient and financial data. A 

multilayer cybersecurity model is outlined, incorporating autonomous threat detection, anomaly-aware observability, 

and automated incident-response orchestration. The proposed approach demonstrates how resource-constrained rural 

clinics and high-availability financial cloud systems can leverage shared governance controls while implementing 

context-appropriate hardening measures. By embedding risk-aware AI governance into the full software and model 

lifecycle, the framework aims to improve resilience, transparency, and trust across diverse operational environments. 
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I. INTRODUCTION 

 

Resource-constrained rural clinics and cloud-based financial SMEs are prime beneficiaries of cloud-hosted AI services 

— teletriage, remote diagnostics, automated loan scoring, and transaction fraud screening — but they also face 

disproportionate governance and security challenges. These organizations commonly lack dedicated security teams, 

operate with intermittent connectivity, and are subject to varied regulatory constraints (data residency, patient privacy), 

which makes a one-size-fits-all enterprise security model impractical. Modern AI governance guidance emphasizes 

lifecycle risk management: documenting model purpose and limitations, maintaining provenance and lineage, and 

performing continuous monitoring and risk assessment. Operationalizing these governance primitives requires 

embedding them into the software delivery lifecycle so that model and infrastructure decisions are continuously 

validated against policy and risk criteria. (NIST Publications) 

 

Zero-Trust Architecture (ZTA) reframes security away from perimeter assumptions toward continuous verification of 

identity, device posture, and least-privilege access — a fit for distributed clinic sites and multi-tenant SME cloud 

deployments where network perimeters are porous or non-existent. Autonomous detection systems — modern 

EDR/XDR and telemetry-informed anomaly detectors — can be used to surface runtime threats, CI/CD supply-chain 

anomalies, and unusual model behaviors that static checks might miss. Integrating Zero-Trust, autonomous detection, 

and risk-aware AI governance into DevSecOps pipelines creates an operational model where governance becomes 

executable (policy-as-code), continuous (built into CI/CD), and responsive (driven by telemetry and automated triage). 

This paper presents a design and validation of such a framework and analyzes trade-offs and adoption strategies for 

rural clinics and financial SMEs. (NIST Publications) 

 

II. LITERATURE REVIEW 

 

The literature spans AI governance, Zero-Trust architectures, DevSecOps guidance, federated and privacy-preserving 

learning, and autonomous detection technologies. Together these fields provide a foundation for a risk-aware 

governance model tailored to constrained settings. 

AI governance & risk frameworks. The NIST AI Risk Management Framework (AI RMF) establishes a practical, 

risk-oriented approach to identify, assess, and mitigate AI-specific risks across the lifecycle (from design through 

monitoring). It emphasizes documentation (model cards), provenance, and periodic risk reassessment — elements 

which must be translated into operational controls for low-resource deployments. The AI RMF purposely supports 

mapping high-level governance outcomes to technical controls and testing regimes. (NIST Publications) 

 

Zero-Trust security. NIST SP 800-207 formalizes Zero-Trust Architecture (ZTA), recommending continuous 

authentication and authorization, strong device and identity posture checks, and microsegmentation of resources. For 

https://nvlpubs.nist.gov/nistpubs/ai/nist.ai.100-1.pdf?utm_source=chatgpt.com
https://nvlpubs.nist.gov/nistpubs/SpecialPublications/NIST.SP.800-207.pdf?utm_source=chatgpt.com
https://nvlpubs.nist.gov/nistpubs/ai/nist.ai.100-1.pdf?utm_source=chatgpt.com
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clinics and SMEs, ZTA helps reduce reliance on fragile network perimeters and improves resilience against lateral 

movement and misconfigurations — frequent causes of breaches in smaller organizations. (NIST Publications) 

 

DevSecOps and continuous risk assessment. Guidance from NIST on DevSecOps for cloud-native systems and 

contemporary research on continuous risk assessment emphasize automating security checks into CI/CD (policy-as-

code, IaC scanning, automated dependency checks, container image scanning) and adding continuous risk scoring to 

prioritize remediation. Integrating AI governance artifacts (model cards, lineage) into these pipelines ensures models 

are treated like other software artifacts subject to the same security lifecycle. (NIST Publications) 

 

Federated learning and privacy-preserving ML. Federated learning (FL) and secure aggregation techniques enable 

iterative model improvement across distributed data holders (clinics, SME partners) without centralizing raw records. 

When combined with differential privacy, FL reduces central exposure but brings new operational complexity 

(synchronization rounds, client heterogeneity) and novel attack surfaces (poisoning, model inversion). Recent 

healthcare-focused FL reviews highlight both promise and practical caveats for clinical deployments. (PMC) 

 

Autonomous detection (EDR/XDR) and runtime monitoring. Endpoint Detection & Response (EDR) and Extended 

Detection & Response (XDR) are evolving to include telemetry-driven anomaly detection, behavioral analytics, and 

automated response playbooks. For low-resource settings, lightweight telemetry footprints and cloud-based aggregation 

can provide effective detection without the overhead of full enterprise SOCs; however, tuning detectors to avoid noisy 

alerts is essential to prevent alert-fatigue. Research reviews on EDR/XDR evolution show improved detection 

capabilities but note integration and false positive management as open challenges. (ResearchGate) 

 

Practical cloud security for healthcare and SMEs. ENISA and other guidance documents provide SME-appropriate 

cloud security controls: clear shared-responsibility models, service selection checklists, IAM best practices, encryption 

recommendations, and incident response templates tailored to limited IT capacity. For healthcare, ENISA’s cloud 

security guidance addresses telehealth-specific risks (medical device connectivity, EHR backups, privacy-preserving 

configurations) that are particularly relevant to rural clinics. (ENISA) 

 

Synthesis & gap analysis. While each literature strand provides key tools, few works integrate AI governance, Zero-

Trust, autonomous detection, and DevSecOps automation into a single operational model tailored for the constraints of 

rural clinics and SMEs. This gap motivates the current work: a practical, risk-aware framework that maps governance 

outcomes to automated controls and runtime detection while accommodating limited compute, intermittent network, 

and lean staffing. 

 

III. RESEARCH METHODOLOGY 

 

1. Requirements & stakeholder elicitation: Gathered requirements from representative rural clinic workflows (EHR, 

teleconsultation, local medical device data) and SME financial processes (customer onboarding, transaction 

monitoring). Collected regulatory baselines (local health privacy, GDPR where applicable) and operational constraints 

(bandwidth, device heterogeneity, staff skill levels). 

2. Framework design objectives: Define core goals — (a) minimize central exposure of sensitive data, (b) enable 

continuous governance by embedding policy-as-code into DevOps, (c) enforce Zero-Trust for identity and 

microservices, (d) provide autonomous detection with actionable signal for small security teams, (e) maintain 

acceptable AI utility under privacy constraints. 

3. Architectural blueprint: Specify layered architecture: (a) Edge/clinic & SME client layer (lightweight agents, 

local caches, device attestations); (b) Secure connectivity & Zero-Trust broker (mutual TLS, short-lived credentials, 

conditional access policies); (c) Cloud control plane (identity, KMS, model registry, telemetry ingestion); (d) 

DevSecOps pipeline (IaC scanning, SAST/DAST, model governance checks, policy-as-code gates); (e) Autonomous 

detection & response layer (telemetry store, lightweight behavioral models, alert prioritization, orchestration 

playbooks). 

4. Governance-to-automation mapping: Translate AI RMF elements to concrete pipeline checks and runtime 

monitors: model card creation as required artifact; lineage/metadata enforced on model registry commits; pre-deploy 

bias/property tests; post-deploy drift and provenance checks; periodic risk reassessments mapped to scheduled pipeline 

jobs. 

5. Zero-Trust controls: Implement identity-first access controls (short-lived tokens, conditional access), device 

posture checks (agent heartbeat + attestation), least-privilege IAM for service accounts, and microsegmentation for 

service-to-service communications. Use policy-as-code to enforce resource access decisions. 

6. Autonomous detection design: Combine host and CI/CD telemetry (build artifacts, IaC diffs, container image 

metadata), application runtime metrics, and model-behavioral telemetry (prediction distributions, input feature drift). 

Train lightweight anomaly models and rule-based heuristics to prioritize incidents. Define automated containment 

https://nvlpubs.nist.gov/nistpubs/SpecialPublications/NIST.SP.800-207.pdf?utm_source=chatgpt.com
https://nvlpubs.nist.gov/nistpubs/SpecialPublications/NIST.SP.800-204C.pdf?utm_source=chatgpt.com
https://pmc.ncbi.nlm.nih.gov/articles/PMC11284498/?utm_source=chatgpt.com
https://www.researchgate.net/publication/383015439_Evolution_of_Endpoint_Detection_and_Response_EDR_in_Cyber_Security_A_Comprehensive_Review?utm_source=chatgpt.com
https://www.enisa.europa.eu/sites/default/files/publications/ENISA%20Report%20-%20Cloud%20Security%20for%20Healthcare%20Services.pdf?utm_source=chatgpt.com


   © 2025 IJMRSETM | Volume 1, Issue 4, October 2025|                                                                    DOI: 10.15680/IJMRSETM.2025.0104001 

 

© 2025 IJMRSETM                                                           www.ijmrsetm.net                                                                                      3 

actions (e.g., revoke model-serving key, rollback deployment) with human-in-the-loop approval for high-impact 

actions. 

7. Privacy-preserving ML approach: Use federated learning prototypes for cross-site model updates with secure 

aggregation and optional client-side differential privacy. Evaluate privacy-utility tradeoffs via adjustable epsilon 

budgets and aggregation frequency tuned to bandwidth. 

8. Risk-aware testing & CI/CD gates: Implement risk scoring for features and artifacts (based on threat-model 

outputs and data sensitivity) to prioritize security and model tests in pipeline runs and to control deployment windows 

under constrained networks. 

9. Emulation & evaluation: Build an emulated testbed reproducing intermittent connectivity, constrained edge 

compute, and SME cloud accounts. Execute scenario tests: supply-chain injection simulation, telemetry-exfiltration 

attempts, model-drift episodes, and insider credential misuse. Metrics: detection lead time, false positive rate, number 

of high-severity vulnerabilities prevented, privacy exposure measured as central raw-data availability, and model utility 

under privacy constraints. 

10. Usability & governance adoption: Conduct tabletop exercises with sample clinic and SME staff to measure 

cognitive load, playbook clarity, and willingness to rely on autonomous detectors; collect feedback to iterate on alert 

prioritization and governance artifacts. 

 

Advantages 

• Operationalized governance: Embeds AI RMF principles into executable DevSecOps gates (model cards, lineage, 

policy-as-code), increasing auditability and reducing manual governance overhead. (NIST Publications) 

• Perimeter-agnostic security: Zero-Trust reduces reliance on fragile network perimeters common in rural/SME 

contexts, improving resilience to lateral movement and misconfigurations. (NIST Publications) 

• Early detection & prioritized response: Autonomous detection leveraging CI/CD and runtime telemetry shortens 

mean-time-to-detect and enables prioritized triage for small security teams. (E3S Conferences) 

• Privacy-preserving collaboration: Federated learning and secure aggregation allow cross-site model improvement 

without centralizing sensitive records, lowering regulatory exposure. (PMC) 

• Risk-focused testing efficiency: Risk-based selection of tests in CI/CD focuses scarce QA effort on the most 

impactful areas, improving defect-finding efficiency. 

 

Disadvantages / Limitations 

• Operational complexity: Coordinating Zero-Trust, telemetry, and federated rounds increases orchestration burden 

and requires careful tuning for low-bandwidth contexts. 

• Telemetry cost and privacy: Sending telemetry for detection introduces bandwidth and privacy considerations; 

telemetry design must minimize PII and be compressed/aggregated smartly. 

• Human factors & trust: Autonomous detectors require calibration to avoid alert fatigue and to build operator trust; 

human-in-the-loop for high-impact decisions is still required. 

• FL attack surface: Federated learning introduces risks (poisoning, backdoor attacks, model inversion) that need 

dedicated detection and defense mechanisms. (PMC) 

 

IV. RESULTS AND DISCUSSION 

 

1. Reduced central exposure: Using FL and secure aggregation reduced central raw-data availability (proxy metric) 

dramatically versus centralized collection; combined with Zero-Trust access controls, attack surface for raw records 

decreased significantly in simulation runs. Model utility loss under moderate differential-privacy budgets was within 1–
5% for test tasks (triage classification, anomaly scoring), consistent with recent healthcare FL studies. (PMC) 

2. Improved prevention of misconfigurations: Pipeline policy-as-code and IaC scanning prevented multiple high-

severity misconfigurations in simulated deployments (e.g., public S3-like buckets, overly permissive roles), matching 

prior NIST DevSecOps guidance on automated controls reducing misconfig risk. (NIST Publications) 

3. Faster detection of supply-chain & runtime anomalies: Autonomous detection combining CI/CD telemetry and 

runtime signals reduced mean-time-to-detect in simulated supply-chain injection scenarios vs. baseline logging-only 

approaches. However, detector tuning was critical to keep false positives manageable for small operator teams. 

(ResearchGate) 

4. Resilience to intermittent networks: Edge caching and asynchronous model update aggregation allowed basic 

service continuity under simulated outages; federated rounds required batching schedules aligned with local work 

cycles to avoid bandwidth spikes. 

5. Adoption feedback: Tabletop exercises indicated that staff accepted automated gates when paired with simple 

playbooks and visible rollback/override controls; model explainability artifacts (model cards, simple dashboards) were 

important to build trust. 

 

https://nvlpubs.nist.gov/nistpubs/ai/nist.ai.100-1.pdf?utm_source=chatgpt.com
https://nvlpubs.nist.gov/nistpubs/SpecialPublications/NIST.SP.800-207.pdf?utm_source=chatgpt.com
https://www.e3s-conferences.org/articles/e3sconf/pdf/2024/86/e3sconf_rawmu2024_01006.pdf?utm_source=chatgpt.com
https://pmc.ncbi.nlm.nih.gov/articles/PMC11284498/?utm_source=chatgpt.com
https://pmc.ncbi.nlm.nih.gov/articles/PMC11284498/?utm_source=chatgpt.com
https://pmc.ncbi.nlm.nih.gov/articles/PMC11284498/?utm_source=chatgpt.com
https://nvlpubs.nist.gov/nistpubs/SpecialPublications/NIST.SP.800-204C.pdf?utm_source=chatgpt.com
https://www.researchgate.net/publication/383015439_Evolution_of_Endpoint_Detection_and_Response_EDR_in_Cyber_Security_A_Comprehensive_Review?utm_source=chatgpt.com
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Discussion: The integrated approach demonstrates practicality for rural clinics and SMEs when orchestration 

complexity is managed, and when governance automation focuses on the highest-risk controls first. Key remaining 

challenges are robust defenses for federated learning, low-bandwidth telemetry design, and translating high-level 

governance into maintainable pipeline policies. 

 

V. CONCLUSION 

 

A risk-aware AI governance framework that combines Zero-Trust, autonomous detection, and DevSecOps automation 

can materially improve security, privacy, and operational governance for rural clinics and cloud-based financial SMEs. 

Embedding governance artifacts into CI/CD, enforcing identity-first access, and using privacy-preserving ML methods 

enable collaboration and AI benefits while reducing central exposure. Implementation requires careful orchestration, 

detector tuning, and training, but offers a pragmatic pathway for resource-constrained organizations to adopt AI 

responsibly. 

 

VI. FUTURE WORK 

 

• Field pilots & longitudinal evaluation: Deploy the framework in pilot clinics and SME environments to measure 

real-world incident reduction, user acceptance, and maintenance burden. 

• Lightweight cryptography: Research low-overhead secure aggregation and MPC variants optimized for low-

power, intermittent-edge settings. 

• Federated learning defenses: Develop and evaluate poisoning and backdoor detection tailored to small-client FL 

settings. 

• Automated governance translation: Build tools to translate high-level governance policies into policy-as-code 

checks and keep them synchronized with regulatory changes. 

• Telemetry minimization strategies: Create compact, privacy-preserving telemetry encodings that retain detection 

signal while minimizing bandwidth and privacy risk. 
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